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Performance Analysis of Intrusion Detection Methods Using Large
Language Models
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Table 1 Classification accuracy (%) in the 50k-balanced setting.

T—Xtv b RSl LR RF  MLP  Qwen
CIC-IDS2017 full 99.90 100.00 99.84 99.98
clean-1 99.90 99.98 99.76 99.94
CSE-CIC-IDS2018  full 99.62 99.88 99.02 99.98
clean-1 98.68 99.44 97.72 99.96
CICIoT2023 full 100.00 100.00 100.00  100.00
clean-1 100.00 100.00 100.00 99.98
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Table 2 Correctness transitions on CSE-CIC-IDS2018.

ERES E—1 E—-f% #R-1FE B-oR
LR 4928 53 6 13
RF 4972 22 0 6
MLP 4856 95 30 19
Qwen 4997 2 1 0

FR% 1T 1 CTHER L, TERFIRE ESIX 258 OHER
ROBWEFANS. FRIZEMT L TRl Z~LD—H
WEoTEFRTS.
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4.3 clean-1 IZH1TD Qwen ERERFEDLEE
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Table 3 Pairwise correctness comparison with Qwen (clean-1).

FT—&  FE O OERE-Q# ORI QIE
2017 LR 2 4
RF 2 0
MLP 1 10
2018 LR 1 65
RF 0 26
MLP 1 113
2023 LR 1
RF 1
MLP 1
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